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A short introduction 
to Twitter (and 
rtweet).
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Many scientists are 
on Twitter!





Why though ?



New papers / 
preprints 





A supportive
community



And … 
data!



And … 
data!



A word on ethics.
• Twitter developer terms of service 
• Don’t derive or store sensitive information
• The role of consent?

Taylor & Pagliari , 2018; Williams, Burnap, & Sloan, 2017

https://developer.twitter.com/en/developer-terms/more-on-restricted-use-cases




What are we going 
to do in this tutorial?
• Get data from Twitter using rtweet
• Wrangle Twitter data with tidytext
• Sentiment analysis
• (Additional practice)



Remember:
• The red text does not always mean 
• If you fall behind, copy/paste from the web 

materials for this session
• Write the code in a .rmd (R Markdown) file –

not in the console!

psyteachr.github.io/hack-your-data/scrape-twitter.html


# install rtweet from CRAN
install.packages(“rtweet”)

# load rtweet package
library(rtweet)

Installing rtweet



install.packages(“tidytext”)
library(tidytext)

install.packages(“ggpubr”)
library(ggpubr)

library(tidyverse)

Other packages:   



Tipp: 

Rtweet interacts with Twitter’s API. In order to 
use the package you need to allow Rstudio to 
authenticate you as a user. When running the first 
function, a popup window in your browser will 
appear, confirming this. 



Lego Grad Student

https://twitter.com/legogradstudent?lang=en
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Lego Grad Student

https://twitter.com/legogradstudent?lang=en


Getting (almost all) tweets of 
a user

lego<- get_timeline("@legogradstudent", n=3200)



Getting (almost all) tweets of 
a user

# Look at first few lines of the dataframe
head(lego)

view(lego)



Tidy tweets = one word per row format

tidy_tweets <- lego %>%
filter(is_retweet==FALSE)



Tidy tweets = one word per row format

tidy_tweets <- lego %>%
filter(is_retweet==FALSE) %>%
select(status_id, text)



Tidy tweets = one word per row format

tidy_tweets <- lego %>%
filter(is_retweet==FALSE) %>%
select(status_id, text)

Run this code and have a look at the 
dataframe!



Tidy tweets = one word per row format

tidy_tweets <- lego %>%
filter(is_retweet==FALSE) %>%
select(status_id, text) %>% 
unnest_tokens(word, text)



Tidy tweets = one word per row format

Did it work?

tidy_tweets <- lego %>%
filter(is_retweet==FALSE) %>%
select(status_id, text) %>% 
unnest_tokens(word, text)



Tidy tweets
tidy_tweets <- lego %>%

filter(is_retweet==FALSE) %>%
select(status_id, text) %>% 
unnest_tokens(word, text)

= one word per row format

# Look at the dataframe
view(tidy_tweets)



Stop words

stop_words

= most common words in a
language (e.g. “the” or “is”)



Stop words

stop_words

= most common words in a
language (e.g. “the” or “is”)



Custom stop words for 
Internet text data

my_stop_words <- tibble(
word = c( 

"https", 
"t.co", 
"rt", 
"amp", 
"rstats", 
"gt"), 
lexicon = "twitter" )



Custom stop words for 
Internet text data

# Check if it worked

View(my_stop_words)



Custom stop words for 
Internet text data

# Check if it worked

View(my_stop_words)



Adding custom stop words 
and removing numbers

all_stop_words <- stop_words %>% 
bind_rows(my_stop_words) 

# Remove numbers
no_numbers <- tidy_tweets %>% 

filter(is.na(as.numeric(word)))

# Connect all stop words



Adding custom stop words 
and removing numbers

no_numbers <- tidy_tweets %>% 
filter(is.na(as.numeric(word)))

# Remove numbers



Removing stop words with 
anti_join()
# Get rid off all stop words
no_stop_words <- no_numbers %>% 

anti_join(all_stop_words, by = "word")



How many words are we left 
with?

Check in the environment (on the top right hand 
side). 

How many rows does tidy_tweets have, how 
many rows for no_stop_words?



Sentiment analysis



Sentiment analysis



Sentiment analysis



Sentiment analysis

Text Mining with R by Julia Silge & 
David Robinson

https://www.tidytextmining.com/


Sentiment analysis?

nrc_words <- no_stop_words %>% 
inner_join(get_sentiments("nrc"), 
by="word")

view(nrc_words)

# Add sentiments by using a lexicon



Sentiment analysis?
pie_words<- nrc_words %>% 

group_by(sentiment)



Sentiment analysis?
pie_words<- nrc_words %>% 

group_by(sentiment) %>% 
tally



Sentiment analysis?
pie_words<- nrc_words %>% 

group_by(sentiment) %>% 
tally %>% 
arrange(desc(n))



Pie chart
ggpubr::ggpie(pie_words, 

"n", 
label = "sentiment", 
fill = "sentiment", 
color = "white", 
palette = "Spectral")



Pie chart
ggpubr::ggpie(pie_words, 

"n", 
label = "sentiment", 
fill = "sentiment", 
color = "white", 
palette = "Spectral")



Twitter as a learning resource

• Inspiration (#rstats and 
#rtweet )



Twitter as a learning resource

• Inspiration (#rstats and 
#rtweet )

• #tidytuesday



Twitter as a learning resource

• Inspiration (#rstats and 
#rtweet )

• #tidytuesday
• Get help & join the 

community



You can do many more cool 
things:



You can do many more cool 
things:

@GlasgowGIST

ggwordcloud

https://twitter.com/GlasgowGist


You can do many more cool 
things:

My most 
frequently used 
emoji is …

emo



You can do many more cool 
things:

Trump Tweet Time

Shiny

https://apps.garrickadenbuie.com/trump-tweet-time/


Let me know about your next 
rtweet project!

@AnnaHenschel

https://twitter.com/AnnaHenschel
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Links

• Datenkraken, https://en.wiktionary.org/wiki/datenkraken

• Rtweet introduction by Michael W. Kearney, 
https://mkearney.github.io/nicar_tworkshop/#1

• Introduction to tidytext by Julia Silge and David Robinson, https://cran.r-
project.org/web/packages/tidytext/vignettes/tidytext.html

• LSE Impact Blog: “Academic journals with a presence on Twitter are more widely 
disseminated and receive a higher number of citations.” 

• Lego Grad Student

https://en.wiktionary.org/wiki/datenkraken
https://mkearney.github.io/nicar_tworkshop/
https://cran.r-project.org/web/packages/tidytext/vignettes/tidytext.html
https://blogs.lse.ac.uk/impactofsocialsciences/2017/12/04/academic-journals-with-a-presence-on-twitter-are-more-widely-disseminated-and-receive-a-higher-number-of-citations/
https://twitter.com/legogradstudent


Thanks to the SGSSS
for supporting this 
workshop.

@AnnaHenschel
Anna.Henschel@glasgow.ac.uk

Slides available via the Open Science Framework 

https://osf.io/28f6b/

